Texture Segmentation Using Wavelet Frame and
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Texture Segmentation Using Wavelet Frame

and Spatial Information

Byung—Gil Ye

Dept. of Control & Instrumentaion Engineering

Graduate School, Korea Maritime University
Abstract

This paper introduces a texture segmentation method that
relies on envelope values of discrete wavelet frame coefficients
and spatial information. A texture is characterized by a set of
channel variances estimated at the output of the corresponding
filter bank. Wavelet transform that is combination of filter banks is
usefully tool for feature extraction of texture. We use envelope of
discrete wavelet frame for feature extraction of texture using
wavelet transform. But this method is sensitive to filter selection
and have problem that calculation is complicated.

The proposed method removes these problems. We use
wavelet frame instead of wavelet packet frame to reduce
expenditure and add Coordinate Values to feature for efficient
segmentation. In experiment, this method 1s proved that is efficient

than the previous method using wavelet packet frame.
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Fig. 2.1 Flowchart of texture segmentation

using wavelet packet frame
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Fig. 4.1 Examples of Brodatz Album
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Fig. 4.2 The segmentation results of test image A
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Table 4.1 Comparison of texture segmentation algorithms
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49D 1.478 0.925
Ht 2.401 0.751
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